Pre-Trained Languag

Representations for Text Mining
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New York City Hotels

& PriceFinder

Collections Sort by: Just For You Availability Ranking Price (low to hig
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- Hyatt Times Square New York
2,576 Reviews

#46 of 469 hotels in New York City

“Great Location!” 08/23/2015

“Loved our stay here” 08/23/2015

Walk to Penn Station (13
Times Square Views (9)
Urban Oasis (12)
Trendy Soho (11)
Central Park Views (10
Art Deco Classic 12)
Catch a Show (22)
Design Hotels (12)
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Hilton Times Square
@@@@© 2,576 Reviews

Accommodation #61 of 469 hotels in New York City
Times Square Views Collection
“Great Location!” 08/23/2015

“Loved our stay here” 08/23/2015

Grouping hotels based on structured facts
extracted from the review text
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https://www.digitaltrends.com/cell-phone-reviews/apple-iphone-8-review/
https://www.digitaltrends.com/cell-phone-reviews/apple-iphone-8-plus-review/
https://www.digitaltrends.com/apple/wait-for-iphone-x/
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Automatically Generated Taxonomy Visualization
Numbers in () from left to right represents the number of main papers and the number of secondary papers respectively.
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Current Selected: ROOT

text_mining (635, 1212)
recommender_system (2064, 1098)
information_retrieval (1527, 1742)
(heterogeneous)_graph_mining (916, 2333)
pattern_mining (91, 224)
data_mining-other (1517, 1055)
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reinforcement_learning (1353, 1314)
supervised_learning (1877, 2133)
unsupervised_learning (2595, 2898)
deep_learning (3757, 1332)
machine_learning-other (1904, 158)

object_classification (1082, 3561)
object_reconstruction (2508, 589)
object_segmentation (1115, 500)
object_detection (1506, 3052)
object_tracking (1555, 696)
computer_vision-other (2458, 58)

information_extraction (1128, 1048)

parsing (912, 1730)
sentiment/semantic_analysis (883, 971)
text_summarization (1246, 1631)
question_answering (1203, 1682)
machine_translation (1218, 1093)
natural_language_processing-other (417, 194)

database_design (592, 2667)
query_processing (1503, 1710)
database-other (690, 596)



AG"B%90$4504% B4C00),2#31) 3/IC% T#80%E4FH%E)310$4 5(

| 1,10.-8&4,1(4,1(P3&.4/&(T,*).=4&#),(*.)=(U4--#90(0038&(V).A).4
| 8.+4,#10(4,1(Q,4B'I0(T,*).=4&%#),(%-#F-680E0" (30%($68003Q,4B'-#-

"4 $6"8' (#) 617"85#89(1'1:2-'('(+:2%8&0.(.4:< | )2%
*&(H+,&+HH-)H e, .
researc Cll g, f\?g ? ™
iK€ ywocds &
C— BERT ’ t(e mm.’;grd o 5 i ms‘jj project v s & | T ,«_i‘bq,‘\
s -2 E “ewﬁ I"HS&P Vo, It 1
Grom B [ [—
5P ’ =
ooooooo @Qﬁaﬁ ' = ] (2 Eggi"
Gomn AR A~ o
basernan Joalkeepe irgi%: ’ OZ?:EL'QJ%ZP i Sentiment analysis
H)C&(A#)2%#012-'('(+2H>>/'A&1".(:
1 1 f) 1 1 n,
J0BT(#220 %.>'A2B'5A.C#" BF#(L'4#(12H(8/:5'5:2F, 448181 (<

"@



1661/-&$*-0%8% . P<-I0 015 -&(; PHO +H(=H" O+->$5:0%

| U%B&#1#=0,-#),4B(8&03&(/4&0+) #|4&%#),(4,1(03AB).4&%#),(4/.)--(1#0.0

*#0B1- ‘t‘.ﬂ‘““““““"'“"u..

Sy
8
b...
'S
'S
'S

Number of Authors Number of Papers Number of Citations

e | P
o Bt _,J 28
- _— -3 -
prd
.' "
:
'y »
) i
™
= N |
: LoiN
T h
> al | 3
{ £
B
L ox -
. '~ ' .

B data_mining ||l machine_learning [} computer_vision [} natural_language_processing [ database



I H#S%&S() =01 PO-123)4%)5+1)&HO7 S 7

| 0.0,1#,+(4,4B"-#-(),(VW(*#0B1(1090B)A=0,&

Trend of ROOT

Number of Papers

4000

3500

3000

2500

2000 ¢«

1500

1000

500

’, V'S 0
? 2015 2016 2017 2018 2019

data_mining ( ) machine_learning computer_vision natural_language_processing .database

B
' Trend of ROOT

Number of Authors

2015 2016 2017 2018 2019

"# data_mining machine_learning computer_vision . natural_language_processing . database



I YRS () +8(9 &2&5:3+<9982$=8'S()

Multi-dimensional Text Cube

TOpIC

Analyst Queries Representative Phrases

china’s economy

the people’s bank of
china

AL )4
oon®
4

trillion renminbi

T|me growth target

local government debt

solar panel

T: Economy,

. massacre at sand
L: China? y

hook elementary

— // // // //

long island railroad

(ql)

background check

senate armed services
committee

: fixed asset investment

adam lanza

buyback program

high capacity

— Location —»
N

,\\6\ : assault weapons and

(qZ)

— Topic



II%

1<(2$8H+><#$)3

"H$%& (#) 90"

*+3#,1%5. /0$+)".&1+"2'+2.,3%&.45
*+$#,11-,6.7)5)#)R8#,3)")"2,9"&+:."#+45,))#<,*$. /0$+)".&,1+"2'+2.,3%&.45
I => . &&)"2 12$)7.",0%@)(,?)5(%7.$A

*+$#B- C.+DALE'@.$7)5.8,0.8#,F4+55)G)(+#)%"-,=:>.8&8)"25,)#<,1.55 H'+" =GG
*+$#,BK&7+"(.&,0.8#,3)")"2,1@ @4)(+#)%"5,=.@%:;.$:&,*$/0$+)".&,=:>.&&)"25

E'+$A,+"&,9'#'$.,2)$.(#)%"5



"&

14$96G)I6 M%) 6T, 1%740)$,/C

%#012=.">,5

90'51'(+2?@

=

18" 12J9012-'('(+23,()&4#(1&/5

1&"12JK2F/0" &' (#)
*&(+,&+#-)#/

= ol

researchsd:,

suggmnon

0

‘5 E muItlpIe

search ol 8

perfect

ptlmlzatlon§ higher website Yahoo

rd(n

O
o=

sports

tennis
soccer
basketball
volleyball
football

4

N

c 3

4= brings

3

word?’

>~ 5§ au omacally"‘" m‘lprOJect‘”"bb

"m”nn*‘

2 Bty racker

searching E
stong - naw i

arts

theater

arts festival
performing arts

opera
artist

4

N

baseball

soccer

music

dance

ballplayers
pitching
outfielder
baseman
catcher

fifa
striker
midfielder
goalkeeper
world cup

folk music
jazz
choral
concert
singers

tango
dancers
choreographer
ballet

troupe

1&"123JIK2%.>

'‘A2B'5A.(

617"&5#89(1'1:2-'('(+;2%&0.(.4:<

%

o

1&"12JUBER E/ 3, >#"C'5#)2%#012

=/&55'G'A&1".(

4

—

N~

= N
ot

o ¢
Tyl = o

™ s J D

+ I \é\ ”\

N "\ Q)Q).

- — Topic —>  \{

"HSY&P'6, -, V0 1

BRIEF
| :— | Text Summarization
iR a+g+g%s
Ca Ot
= O+
S 4

Sentiment analysis

18"12LK2H) C&(A#)2%#012-'((+2H>>/'A
6F#(1'4#(12H(&/:5'5:2F, 44&™1&1" (<



